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science in the news

Alex Najibi, OCTOBER 24, 2020
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Using machine learning

1. Problem 2. Dta 3. Data 4. Data 3.Model 6. Candidate Model 7. Model 8. Performance
Definition Ingestion Preparation  Segregation Training Evaluation Deployment Monitoring
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Descriptive Normative

Accurate when compared Inaccurate when compared
to human behaviour to human behaviour

Potentially Potentially neutral
racist/sexist/etc (like | (unlike human behaviour)
human behaviour)

Almost all ML systems are descriptive, but we
often expect them to behave in normative ways.
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® Racial bias in healthcare algorithms:
https://science.sciencemag.org/content/366/6464/447.full

® PAIR guidebook:

https://pair.withgoogle.com/

® 3A Institute:

https://3ainstitute.cecs.anu.edu.au/

® ML -- what's the process for using ML:
https://towardsdatascience.com/not-yet-another-article-on-machine-learni
ng-e67f8812ba86

® ML -- what is ML really:
https://medium.com/hackernoon/the-simplest-explanation-of-machine-learni
ng-youll-ever-read-bebco7o00047c

® Descriptive vs normative -- breaking down bias in ML:
https://podtail.com/en/podcast/ai-australia/bias-in-machine-learning-sys
tems-with-katherine-ba/

® Algorithms as administrative mechanisms:

https://journals.sagepub.com/doi/full/10.1177/2053951718757253



